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- There is substantial variation in the selected
variables across models.
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Figure 4. Model stability (stability estimator Noguieira
et al. 2018) vs the average number of outcome cases
across prediction tasks.
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differed across databases (Fig 1).

 Q3: The sign of the coefficient can vary greatly
even for the top variables (Fig 2), less selected
variables seem more likely to switch sign.
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